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What’s in Place Names?

• Names of the places associated with geographic phenomena, significant 
person, and many other things.

• Place is close to human cognitive factors (knowledge, memories, 
beliefs).

• People named places collectively or individually using their language and 
local understanding.

• Place names are socially constructed by people’s lives, identities and 
communication. 

• Nowadays, people become producer and consumer of crowd-based 
place names information in social media.
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Check-in
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Check-in
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Standardization of Place Names
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Standardization of Place Names
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Toponym Data Collection by National Names Authority
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Collecting place names from the ground, place names collected by interviewing local inhabitants in the entire
country, part of topographic mapping projects

(big) Geosocial Data?
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(big) Geosocial Data
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https://blogs.msdn.microsoft.com/data__knowledge__intelligence/2013/02/18/big-data-big-deal/
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(big) Geosocial Data
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http://www.incite-group.com/data-and-insights/social-mining-part-1-how-big-data-transforming-customer-insights

https://www.simplilearn.com/how-facebook-is-using-big-data-article
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Place (Names) Information from (big) Geosocial Data
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https://linkiya.wordpress.com/2015/07/13/the-six-blind-men-and-the-elephant-

differing-perspectives-on-grades/

The 10 (+1) Vs of Big Data

https://tdwi.org/articles/2017/02/08/10-vs-of-big-data.aspx

#1: Volume
#2: Velocity
#3: Variety
#4: Variability
#5: Veracity
#6: Validity
#7: Vulnerability
#8: Volatility
#9: Visualization
#10: Value
#11: Vague?

Modified from George Firican, 2017
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Place (Names) Information from (big) Geosocial Data

• Flickr
• Gao, S., Li, L., Li, W., Janowicz, K., & Zhang, Y. (2017). Constructing gazetteers from volunteered 

big geo-data based on Hadoop. Computers, Environment and Urban Systems, 61, 172-186.

• Twitter, OpenStreetMap (OSM) Data, Geonames, DBPedia
• de Oliveira, M. G., Campelo, C. E., de Souza Baptista, C., & Bertolotto, M. (2015, April). 

Leveraging VGI for Gazetteer Enrichment: A Case Study for Geoparsing Twitter Messages. In 
W2GIS (pp. 20-36).

• Al-Olimat, H. S., Thirunarayan, K., Shalin, V., & Sheth, A. (2017). Location Name Extraction from 
Targeted Text Streams using Gazetteer-based Statistical Language Models. arXiv preprint 
arXiv:1708.03105.

• Crowd-sourced OSM, Wikimapia, Geonames, Machine Learning (SVM)
• Gelernter, J., Ganesh, G., Krishnakumar, H., & Zhang, W. (2013, November). Automatic gazetteer 

enrichment with user-geocoded data. In Proceedings of the Second ACM SIGSPATIAL 
International Workshop on Crowdsourced and Volunteered Geographic Information (pp. 87-94). 
ACM.
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Place (Names) Information from (big) Geosocial Data
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https://www.theverge.com/2017/2/13/14581028/google-maps-location-list-share-social-network
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Findings

• Crowdsourcing mechanism: gamification and reward system

• Place Information or description

• Contributor and Community

• Richness and Vandalism

• “un-official, but useful?” place names - New Paradigm for Geographical 
Names Authority
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Gamification and reward system

Facebook Place Editors Google Local Guide
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Place Information or description
Facebook Place Editors Google Local Guide
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Crowd-based Place (Names) Information

Facebook Place Editors Google Local Guide
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Contributor and Community

Facebook Place Editors Google Local Guide
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Contributor and Community

Facebook Place Editors Google Local Guide
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Richness and Vandalism of Place Names

Place Names

Semantic

Personal

Functional

Business 
NamesHybrid

Geographic

Address

Landmark

State City

Region/

Neighborhood

Street/

Intersection

House/Building Floor/Room

Granularity

Lin, J., Xiang, G., Hong, J. I., & Sadeh, N. (2010, September). Modeling people's place naming 

preferences in location sharing. In Proceedings of the 12th ACM international conference on 

Ubiquitous computing (pp. 75-84). ACM.
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Richness and Vandalism of Place Names
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Developers: Facebook vs Google 
Places (Names) Information
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Lesson learned

• Details description of place names information

• Review/editor procedure by voluntary people/ contributor

• How to engage and maintain with contributor within community

• Gamification, point rewards system

• How to engage with Community: online vs meetup

• Place names disambiguation, decision of place names to be displayed or 
approved? (Machine Learning, Natural Language Processing, etc.)
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